JET R S BN [ b5 AR RS VA & 6 b

W B FEER R OA

[(WERE) #FE.FINSAEHANTELBERATRA THEH
I 4 FE B 2 B E R M 427 (generative modeling) 7 L E A B EH R F
BIAB el FEh., W REABEEHA WG EIRA RS R R T
He AT EE AXUAKEEHAHATREBEFHREFT I TNL,
RETHYTERBEHEEX —SERMET XN ENEELTE. EX—HAA
BN RBEALEES L A ABANKASE R LBRAWIA T &
HAT R G MR, AKX “F B K 8 & B £” (China Family Panel
Studies, H # CFPS) X — A H A EHFEL &N FE LT XEL, UKZA
ERHENSFRASZEEERNAFRE R ZIN, L E L ETH
B A T AR 7k ey R, R AR £ B BR ok B AT B T B9 tR
AT AN AENEARRBEN S T RENELERESEASAETN
WHw, LREREAREAERET A EEZUREREF A+ 7 W I 3k
BoEAEN MBI L T EEAL R B TR TAENEET F &%,
HABEREFERAZE, R, REIHAEE A EN KR EHL S
BRIBEANGE ) EZERASER, S TR KFELEETX ZH
oAy APk M, R SCH K I B T R A KB E A A R R At
X—BERERA T TRAAETHAEEIRX AR FNTEE
S5 EE,

[XERA]1 ERFEEE RE StkHE AKEFEE £RMERE

x A SCAVEF B N A 2F T AR A 2025 ARAE S (VS 2% B R ) 14 = JE T a4t
SR ER SN (P EFB) S5 EH5 LT HERZE MR, DL IU R K2 2024 485 “ 507
5 AL TR B B, A SCE AR E O TEH 3 S & 2% £ xpang@ pku. edu. cn,

(EFRBEHFE) 2025 5% 1055 4 M(EH 408 . % 131 7.,
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[EEBNY HHE. T RFLEFEZRAEQTET T 0B EHR,
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BEERK AR FREEEFRHALA R CELHRTA.
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Az N T B TE A6 DR S T % 22 ot B S A e BE S OF 5T Al R T I A &Y
723 8] AE A0 AT 27 AR LS FIAE B A b ol o 3K — R W Y — A T )
Je. N TR BE NS0 #F 32 4 7 3 5 TR, I A e B (generative
modeling) #§42 N 19 Az BUPE J7 6, T LA A AR A 19 J7 2UF1 5 150k - 1 ) 7 £k
PR A Ak 2 b PRI SRR ST ARG T {E T 4 B4 7 AT A A A R A
FHAE S5 07 ThT A0 70 16 4 80, 1 R R R o 38 T 15 DK 0 9 A0 {0 T 3k [l it 1)
R PR A AF 5T 3 TE 7R RO R T 25 T 02 T A DA R T 5 A R (LMD 45 IR
JEE A B AR R 5 A Y SOAS SRAE B A a8 ] T A B2 ot s b 347 I
SR g A 2 AR B S (I RN S AT 55 L ©

R RV A 2 S A2 A M D VR R BRI 2 — . — T, R

@ Joon Sung Park et al. , “Generative Agents: Interactive Simulacra of Human
Behavior,” Proceedings of the 36th Annual ACM Sym posium on User Interface
Software and Technology . 2023, pp. 1-22; Ruoxi Xu et al. » “Al for Social Science and
Social Science of Al: A Survey.” Information Processing & Management, Vol. 61, No. 3,
2024, 103665; Kosuke Imai and Kentaro Nakamura, “Causal Representation Learning
with Generative Artificial Intelligence: Application to Texts as Treatments,” arXiv
Preprint, 2024, https://arxiv. org/abs/2410. 00903, i [a] i ] ; 2024 4E 12 F 30 H;
Lincan Li et al. , “Political-LLM: Large Language Models in Political Science,” arXiv
Preprint, 2024, https://arxiv. org/abs/2412. 06864, Vi[a]if[A] 2024 4F 12 A 30 H; &
. (N TR e Ae At SR R/ —— 2 AT 3 & 2 4 RO 5 A HLRL AT B
), 3 i R 2B SE0A ), 2024 AR5 7 1,45 3—30 B ARG « RS (H BRE R BFSE
BN T B I i) i A & T 5 BUR ), 2025 4E45 1 #1545 4—26 T,
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R TR A e 7 TR [ 7 236 17 5 52 5000 e 1) R g IR B . O 53— i RS9
AL 2207 TV 22 B 1 R AL E A8 418 It il % R SE0RD T MO AY S BT 9 BT SC
T RV 7 B b SCAS 6 o A SR MR [ 25 g AT AR R S AR RE T L
BRI ke 25 P4 AME 55 A H0E L

8 T 75 0T 2 0L 785 B8 A4 91 T L x5 0 S S5 A I RO T R S
M T ok = EEOWI A A B b AR SSIEN E FEOR A TR
P R P s SO I Hr——J0 R 2 T4 S R TR R B 2 i —— 2
T3 — AR T WS L B R R R (EL R VRS e A UL A R R Ak
i AN TR AN S S8 e s S N S R TN 3 NS | NS B AT A 2SS B B S
WLZSBE S 1 IR 2 N N 2 iy . @

BT RE T RTR B B A KO 4 b 7 TR B ) e AT
T SCAS BN 2 T L RE A O AR R A v LS B AR AR Y P E AL O R, B
A PTG AT LA I S R T 9 A DA A R L DT T A R R A ik = X 3
WL 285 B2 T Ak B AN [ DA R AE 2R 25 4 0 B A 2 9 37 19 25 1 o R = X DR AR
(04 25 SCARRE R PR AT % 5% AETE R G ME HU RS I 2 Ak Rk 0 A BR el . @

AR SCR R R R ] A o [ S BE G B 9 A (CFPS) B4 . i TR
R e [ 2 B AT () AL [ 22 S A G AL A7 b L S G RE O AT
FENE AL (DA B R LR KI5 B8 5 AL 50 05 2 19 LU R 35 (2) 9\
BRI XA 2 BB S 5 (3) [ A AN 22 S SR A AR B AL ATV

@ Lisa Argyle et al. , “Out of One, Many: Using Language Models to Simulate
Human Samples,” Political Analysis, Vol. 31, No. 3, 2023, pp. 337-351; Junsol Kim
and Byungkyu Lee, “Al-Augmented Surveys: Leveraging Large Language Models and
Surveys for Opinion Prediction,” arXiv Preprint, 2024, https://arxiv. org/abs/2305.
09620, Pila]itEl 2024 4F 10 A 30 H ; Junyung Ji, Jiwoo Kim and Younghoon Kim, “Predicting
Missing Values in Survey Data Using Prompt Engineering for Addressing Item Non-response,”
Future Internet, Vol. 16, No. 10, 2024 Article 351, DOI: 10. 3390/fi16100351,

@ John Zaller, The Nature and Origins of Mass Opinion, Cambridge: Cambridge
University Press, 1992.

@ Argyle et al. , “Out of One, Many.” pp. 337-351.

@ James Bisbee, Joshua D. Clinton, Cassy Dorff, Brenton Kenkel and Jennifer M.
Larson, “Synthetic Replacements for Human Survey Data? The Perils of Large Language
Models,” Political Analysis, Vol. 32, No. 4, 2024, pp.401-416.
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A SRR Z T 7 VBT Z R G 3 SR BT SO GEAT SRR X . SR
WG RA LT ZO%E, B AT T HENE - M gL,
R = ol BTN 1) Bt O ML < 56 4 BE AL Bk 2R (MCARD A 4% 14 B AL B3k 2R
(MAR) AEEREHLER D (MNAR) , O b A3 75 6 A 5 0 A A0 4 #b 7 25 1
FL 2 5, 75 Bk My VR N S % B S AR X AR 6B T RORT VA BOHE 3 A Y
iz

FLUR B X S BRAIE 5 T UL A% B W R [ 0, 3T 38 3 T AN ) B vT
YEG SN X L SE 5 . 5 B AF b B — 2 RE s B IF O A W kAT
S 1< [ ) A R ) e 2 AR R DI 2R B0 R 0, OFRATTIEAR TR IE B ALE
FEHREAR (zero-shot) FI/NEEA (few-shot) 2= 2 ¥ B A9 2 B, #83+F H: 7F SE B
s i R T

B JE S N EAC AT I, 28X T E BR A AL (GPT-40-mini) Fil
[ R (Qwen-plus) 7E T AL 2 SCALIR B F AR BL 22 5. AR SCE A E
ik 5 A TAEFF R T 2024 4F 9—12 H e L IE], bk P2 A 2 g 24
PR AT ARTRL , SE SR 1 A AU A il B b [ A 2 SO R AE T Y
P $ 7R A 5 35 O AR i LR 5 SR e 6 i BT

S A5 R KB F BN R B AL R R BAFAE 22 55 AR A 5%
PEBEHLE 2 (MAR) 16 55 v, 4% e b2 27 > 5 v 35 HL 00 34 1 6 I Bl AL dole 2K
(MNAR BT s ZREAS 2% 2] 1 K 75 A5 700 Jre B 1 426 00 2 R 40 3 7 vk
L HLER 24 2 O i 0 1 DR A N SR 8085 22 BR A% G2 5 T M DL R FE SR s
FARFAE W] 8, (AR R, BRI Qwen-plus) 76 AH X BT H 4
SAPURAE (P8 bR CAn by B RO AT D A AE A R B T SR AL, T g
XA A 2 1 4 1438 N BE T

ARSI KA Bl T 05838 T R 1 R ke v X X G A A7 Ah X —
TR R) L, OF R T AE KB A PR 0GR W 58 rh 8 T AT AE B S
R A

@® Donald B. Rubin, “Inference and Missing Data,” Biometrika, Vol. 63, No. 3,
1976, pp. 581-592.

@ FFCmPEFHA”, 2 W Kim and Lee, “Al-Augmented Surveys,” arXiv:
2305.09620v3.
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(—) FEENNERE

fEARAE N At 2 rp i B SR M M . A B B O 2 v, £ AT I HG TR Hfe
EALTE s, FETCBUMARS T o [ S ] (4 5 AV 35 1R i 58 figk el = v o
RO 2 HER 2o, 8 H A s i) ) 1 58 = 5 AT HLAG DR B4 Bk = 52
(B 1) il o EL [ B, X6 5 A 1) 8 308 3 A ] B G 3R L3l 1Y 5 Jy T T

{54138 B 9 A B — P 26 & P (relational) #1118 3% 45 %€ (domain-specific)
(.0 BRI —J7 (A FAAE 53 — 7 (B) FE 45 2 U8R (XO 43 DL IE B Al
RE T8 IR IR A RI2E . O N5 A Z BR8] DL R 22 DY
fEAT SR A2 LA VRS 447 BK 7 (9 F 2 ML, JC HAE 1E 2] B2 55 30 AT i A
B ry s HAE R E g i .

IEREI FERK LR Z B Z A2 R0 Tz 6. fEBUR =T ER
AR A AR BN B HCE B AR AR AR B AR AR 0 A A 1 22 S K U BOA
S © [ R 5C F AT 9T 0 56 T — R X Al [ SR 0 15 AT L SO6E T B 21 21
fRAEQ, I LA B B &V i SE ik . e dh, A3 /R A& OB 5 4
U 2 S5 UL 23 0 AR 2 R A AR AT g IXUBS: 2% 5 o) o A 55 A R F 5

O Margaret Levi and Laura Stoker, *“Political Trust and Trustworthiness,”

Annual Review of Political Science s Vol. 3, No. 1, 2000, pp. 475-507; Jack Citrin and
Laura Stoker, “Political Trust in A Cynical Age,” Annual Review of Political Science,
Vol. 21, No. 1, 2018, pp. 49-70.

® Levi and Stoker, “Political Trust and Trustworthiness,” pp. 475-507; Citrin and
Stoker, “Political Trust in A Cynical Age,” pp. 49-70.

® Paul R. Brewer et al. , “International Trust and Public Opinion about World
Affairs,” American Journal of Political Science, Vol. 48, No. 1, 2004, pp. 93-109;
Xiaojun Li, Jianwei Wang and Dingding Chen, “Chinese Citizens’ Trust in Japan and
South Korea: Findings From A Four-City Survey.” International Studies Quarterly ,
Vol. 60, No. 4, 2016, pp. 778-789; Benno Torgler, “Trust in International Orga-
nizations: An Empirical Investigation Focusing on the United Nations.” The Review of

International Organizations, Vol. 3, No. 1, 2008, pp. 65-93.
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[ B 56 2 BRSP4 B BN O e [ R B 2 R A e R . (HLRE R B
Hh [ N BG5S E B IR 2 ) B R OQ AR A B O A A R L [ PR G R ST
HR ) AT ABE 2t AR R i A B B2 R S AR IR 4% TS A B R A A v DL R
Sy BB AR T ROWR A RS QS ublE B, 42 ek 05 AR S AL B
A AN [ A B0 A A AT b 110 B 8 DR 3R T EL RS b 5% B IAURS: b T A4 4
SR 2R . A TS A B o R [ Y B 15 A B DA R 3 s 15 A 2
A HOG 7 A 15 A 2 8 DD AR G , o I 1 5 A TR R A 52 2R PR AN AE BUR A 2
SCARSZEE 1 A B06 B M A (0 A5 A B2 9 S I B o o O 2 LB ALk AL ©

B2 1 B O 28 BIF 58 0015 A B A T 00 [ B ] P ) Ak 22 R 2 IR R 9 A
R TR S T E A B I AT R A, R, R AR
(T L2 SCIE R BRI 1 | A [ 32 17 2 0 A 15 5 AR 28 N/ ML 3%
— e [a) AT BB A7 A5 IR AN [ B B A . 52 5 8 N AT RE R 15 AT B g O o RS
CINSERYIEO I — 26 A0 = A5 DAy i ey (oot 5 JE 0 49 0 07 A1) i A A H
SR Ay 0 o) J3E R 0 ) P BT A Sy o B R A AP A RO . BV 2
TEVE PR PN W RO RE 2R T, AN [6] 52 U5 3 BRI b e 07 5 % R DA 46 1 B

@ Oliver Schilke, Martin Reimann and Karen S. Cook, *“ Trust in Social
Relations,” Annual Review of Sociology. Vol. 47, No. 1, 2021, pp. 239-259; Jennifer
Richmond et al., “Conceptualizing and Measuring Trust, Mistrust, and Distrust:
Implications for Advancing Health Equity and Building Trustworthiness,” Annual
Review of Public Health, Vol. 45, 2024, pp. 465-484.

@ Anna Swird, “Trust, Reciprocity, and Actions: The Development of Trust in
Temporary Inter-organizational Relations,” Organization Studies, Vol. 37, No. 12,
2016, pp. 1841-1860; O. Pesdmaa, Torsten Pieper, Rui Vinhas da Silva, W. C. Black., J.
F. Hair Jr, “Trust and Reciprocity in Building Inter-Personal and Inter-Organizational
Commitment in Small Business Co-Operatives,” Journal of Co-operative Organization
and Management, Vol.1, No. 3, 2013, pp. 81-92.

® £ Eric M Uslaner. The Moral Foundations of Trust. Cambridge University
Press, 2002 LA K& B 84 . Pew Research Center, “Public Trust in Government,” 2022,
https://www. pewresearch. org/politics/2022/06/06/public-trust-in-government-2/, Jj
[ Bsf 8] : 2024 4F 10 H 15 H; Steven W. Webster, “Anger and Declining Trust in
Government in the American Electorate,” Political Behavior, Vol. 40, No. 2, 2018, pp. 933-
964.
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FEME AT RE AR BE . O X 2 HR A 22 S R A 8O At 55 M (measurement
invariance) ¥ LA ST A0 i 45358 43 32 U7 5 PR AS 38 A [ J0 55 S (] 3k AR 255 5 DA
TR A5 A 72 o 22 0 10 7 ] O A i T R A R 1 R 9 M il 2R R T

W Ah L FB 515 AT ) B EL A RS0 1 U st S UM A 5 5l R AL S
{2 (social desirability bias) . ffif§ 32 Vi # i F H ALY 84k 2 2% & A 6
VEZ . Blan  FEPF M e 7y BURN B SRR, 32 U735 AT BEFH.O R IA AW & 5 7 1M
T 5| AN B ) T R B W R £ A PR 56 AR 5 1 AR BE A X S5 A
R 155 A T o A0 PT  DRLHE DA A A g 555 5 R A0 7 i S8 0 [l s, 3 IS HIL o e A5
A% 5t 4 e R AN AU B % A T AR AT R 5 1L 2 S JU(E i 3 A G L 7 O i 4k
il AR P A R 43 BT ) D 2%

AU o B AR AT [ 250 114t 2 A8 A 23 B 24 IF 5 11 B Hie e 2k [ R b LA
BCAY AR B Y D PR T R R A S AR A Y LR T R A2 B A 4y
8 K G FRL A S0 o X Lk R O RO Ak B K R — AN A O e AU — A
A2 5 28 B B GAE T B R AT B A RS o 1 A5 A7 R 2 AT A B A 2 R
AT SEH AR

(D) REBELEBNEFTAIE

Ty A 3R R S A IR R ICHE 7 TRT P s HE BRR k R CHE Y O BN AR ik 2D
A B T HG AR R 158 22, 348 AT B8 Ok S8 3 418 09 D 18 . Bk 2R Bl 1y ™ E v AN
Ao Ak ) 2 M L SR F B SR 1 22 58 B 7E T R T 0 B R AR LA L ©
AN TR] A S5 ATL ) 5 2 A A M AN — (BRI T &

BOE Gl S ML 2 A4S = b, 58 4 Bl HL B 2R (missing completely at
random, fiJFK MCAR) A3 2% 4 Bt HIL Bt K (missing at random, fij# MAR)
FAEBEHL B DS (missing not at random., fij K MNAR) , 7E“5¢ 4 B AL B I
TEIE T o Bk 2 B RE 38 55 WL 5 3] (19 Bl R WL 8¢ 3] (14 50408 0 G, 30 2 R 4 BRIV ) I
B A LB AN 23 5 | A 22 W 25 HL A Bk R A 0 WL ¢ o 7 R 19 A2 FE AR

@ Li Lianjiang, “Reassessing Trust in the Central Government: Evidence from Five
National Surveys,” The China Quarterly, Vol. 225, 2016, pp. 100-121.
@ Rubin, “Inference and Missing Data,” pp. 581-592.
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R I AR BRI AR EE B AN e | AR AR AR R A BT AT SR IO 4
F 9 77 AN 5 0 05 IS A 45 0 . SR K M 0 A8 52 B R AR D AL L e
HAEM 2R SRR P A TR RGN

“H AT REPLBR SRS T X BEALE R SE 2 A 2 RO R R (RS R Al 0
SR 3 A5 S BUE AR DG 1 00 . © B, 32 17 3 2 45 [ 2 56 105 A 11 o) L, R
T HAZHUE W, 2 H0F 1S 052 U5 7/ R (5 AR e 2 8
RIMAPOARTE  FeJa o g X e g, HE 2B ERE - RB S EE
RO T A [ 28 R AR R R 32 5 3 KA B A Z B RIF A .
T2 MAR BB R ALE T FATTRE AT L 208 e B R 10 5 4 72
[ 25 FE SRR A AR SEARD B BN . 26 7 0 B A BB A R T AR 2 Bk (LA
A BN T 2 EAR AN Amelia R ©

SR A7 2% A BE AL a6l S SR e R (L5 A AT o i WL 458 310 1) TR 3R 22 1] T K
B 2 BB Al 22 B S WA T, 52077 3 AT RE G I 6 R 2 B 25 % S OB H
SRR U S TR A (AT 5 O IR T e (B AN TS, M - AR Rl AL sk
RV AR L BRI TS v T i Y DR S5 G G B A T R 2k AL ) T vk o i
AT WL AR B SR T o Ay RN X — ] A AIF YN B A B T A L
A5 S5 220 0 R AL o LU 06k KO0 B TS A 45 R AT L, OF AT AR O A B
F8 PR DR A Bl gl % LA b o LU A I o A ARG M B L R ) SR HOR L T
o475 4 UL 25 e P A A XL B AR UL T 45 A A A s 2 N Y 4 b
S HA RERN.©

@ Rubin, “Inference and Missing Data,” pp. 581-592.

@ U0 James Honaker and Gary King, “What To Do About Missing Values in
Time-series Cross-section Data,” American Journal of Political Science, Vol. 54, No. 3,
2010, pp. 561-581; James Honaker, Gary King and Matthew Blackwell, “Amelia [ :
A Program for Missing Data,” Journal of Statistical Software, Vol. 45, No. 7, 2011,
pp. 1-47.

® Nandana Sengupta et al. , “Sparse Data Reconstruction, Missing Value and
Multiple Imputation Through Matrix Factorization.” Sociological Methodology » Vol. 53,
No. 1, 2023, pp. 72-114; Naijia Liu, “A Latent Factor Approach to Missing Not at
Random,” Working Paper, 2021, available at https://naijialiu. github. io/pics/LFA_21.
pdf, P5 IR} [E] . 2024 4F 12 A 30 H.
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AT W5 v B DT N R o 5 B A AT Bk % B0 A b 0 ) xR
TORIE H B RO R ) H— 2 Rl F AR R R iy A AR 5 AL B GE
I JUHOR X 1 B A B A S ORI AR MR K 51T h
BUBE ST o

AR T AL Ge A A0 J7 125 32 A0 45 7 A 1) (B K0 i 2 9 A a0 R R
A rp Y ] R B AL S i E R, 3 ] A TR R A AN B B
{6 B3 28 R A TR 5 B SR W i . 0 A0, AE TN T 2 KRR
FAFAESE I [R) R 32 D77 ) Re DL AR RO S AR AR T R
FH U7 1) 03 2 S ORI . 3K — 6 Ak BB AN P ol e b R 46 T LI TR (S B 4
JE A5 4 8k T SR HOHE A7 R 5 DA B R rh 0 5 SCAR T 5 i
GEGRANIOEE

KA A HLA 5 X — ) R B 1 PRl B X 3 AR A R R
fiE” (internal representation) , fA] B 134 , 452 #1388 b Kf ) YL | 1 45 % Lo o6
F G Tt Sy e A ) S o G RE 6% 70 0 2 B B R AR LT 3 e X v A i LA
) PR A AT S BT . X R RAE T SRR T TR 1 N A I R
fIE 7, o A H: i 6% 4 HE 722 o (W) TR 2 1 38 SCOC I56 RNV 78 45 7, DA T 52 3 b 4% 48
7 15 5 Ry A A0 R — B0 B0 A kb, ©

W RE T AR N T i 2R B8 1) R B 5 A a7 2 T O TaX — g
TIRTTUENEYE . B, BT A ARV I o 0A 4R (Ahatsham Hayat) 572 B8 .
R. % %& (Mohammad R. Hasan) F| J R 588 A il ik 2 B8 1) 4 34 M SCAS B
PEARAR L I HL A BN/ oo S AR o D) S8 AT 45 . © T AT
NIRRT, KIE 5 AR 7E b FRR A 28 R E i CHD [R] B f 3 $0(E 2 L 4

@ Junyung Ji, Jiwoo Kim and Younghoon Kim, “Predicting Missing Values in
Survey Data Using Prompt Engineering for Addressing Item Non-response,” Article 351.

® Kim and Lee, “Al-Augmented Surveys,” arXiv: 2305.09620v3.

® Ahatsham Hayat and Mohammad R. Hasan, “A Context-Aware Approach for
Enhancing Data Imputation with Pre-trained Language Models,” Proceedings of the 31st

International Conference on Com putational Linguistics, 2025, pp. 5668-5685.
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A SO R A B () T 1B R O B A B TR T A R s M S
HERTE . MR K (Junyung Ji) 28 A & B, 58 ad % 34 B89 42 78 37 (prompt
engineering) , A] LA V& 55 H b k2% T fie AH G 19 32 D7 & 5 0] 3L, g A 2 RiE
AL i AR R S0 2] SRR A TR AN . © X RO T A K
P oAb BB R BN Sk, 0 AL T AT iR R B R T TR AN RCR S HER L
BT 3E A SCAR SRAE R A B2 1N SC LR BV AE B0 25 R DL T i 2k
Hb, Kk 5 BB A DU 26 1 SCA A il LA — @ R B B A Bl Ry 5
Z VAT I A I I O AN SZ U 5 WA A R R AR . XA
AU B T RO F ARG 45 8 SCAR I b SCRRAFRE ), SRR A TR A A« N
PRI 38 ok ¥ s TR DI 1) A 7R i 0% R 40 S SCAS 1 TR R O ok A
DU B PR 2854 T e 2, DT HE T 58 2 MR E R e 7 5 T By mT R Rl 2%
A WX R IE S B AE N6 2 Ui & 7% T RO EE iy 1 7 3k 47 T
ARGV . e, FTYS ¢ BT R (Lisa Argyle) 2 A3z ] 2012 4E,2016 4F
2020 4F 26 [ B K 2 158 (ANES) B8l , 44 32 U7 & 19 58 N 10 S8 THREAE Can
T 3 R 9 )& 45D s A GPT-3, 4 H 45 1 52 U 35 ¢ T HL AR S0 1) 1 1y [l 2%
SEIRFRMW] B A 1A OB 5 58 B A A s 2 R) s 2 R R TR
FAE R RERE TR 25 58 2 U B T AR R A B DL o L ] R g el @ R
R e N A= R N P PO S ST e e R g R LN TUR 1 BRCIR 6]
> o B IR AR A s OB G B HE B DT IC H bR AE R, KO8 5 B R K AR
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@ Jianwei Wang et al. , “On LLM-Enhanced Mixed-Type Data Imputation with
High-order Message Passing,” arXiv Preprint, 2025, https://arxiv. org/abs/2501.
02191, Pilalft i) . 2024 4F 12 H 15 H.,

@ Junyung Ji, Jiwoo Kim and Younghoon Kim, “Predicting Missing Values in
Survey Data Using Prompt Engineering for Addressing Item Non-response,” Article 351.

® Argyle et al. , “Out of One, Many.” pp. 337-351.

@ U0 Fabio Motoki, Valdemar Pinho Neto and Victor Rodrigues, “More Human
than Human: Measuring ChatGPT Political Bias,” Public Choice, Vol. 198, No. 1,
2024, pp. 3-23; Esin Durmus et al., “Towards Measuring the Representation of
Subjective Global Opinions in Language Models,” arXiv Preprint, 2024, https://arxiv.
org/abs/2306. 16388, Pilal W} [a] :2024 4 11 H 5 H,
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IAb, 4 R A5 (Junsol Kim) FIZEJA £ (Byungkyu Lee) if — L3 & £ 1
4 AR R A B L i 28 A% R A A Ty T R AR SR A AR A R
A T o0 7 b R P I 6 ) R0 22 i) A 3 SCAR U 7 b AR . D 3 g o
A T ABL R A B A A Sk 2 4R T T X A A A O A o e M L O T A g
W 43 i (Matrix Factorization) 2 B WFHLAS % 21 ik . SR . IF AR B A A 55 45
R — B R EE B, AT - T L (James Bisbee) % A $5 1,
ChatGPT Az B A B 75 34 S8 A 7248 5t 22 18] 14 B 5 M 56 45 48 (4R i 5
BURAS B Z ) 56 ) 7 Tl AEFE R 2 5 BOBE R TE 145 %0015 B AT 25 BF A4 ) 119
UL S O /R % « 147 (Arnault Pachot) fl#51: B « fil#% (Thierry Petit)
XHIZ AT A SR ST AT T R G LR, PG T 4% 2Kk (g {03+ A 1
SR ATAR AN B R TR 5T IR SR B 1A UM S e R A,
AR T RKIE BRI R R A 5 R ©

SR T R R I i 22 Pk . B B9 I IR R R TR R A
A B 1 ST A B DA A 2 1 A ok R R A SR T . R &=
FLURBLAE AN 5 T — S AR B = 0 U SR B B9 B % G b ik R AT
A58 A R Tt LA S A A AR A LR A T B R ) L RS S T
PR A LT RE R I R AE YN AR B T AR A R R, KR E LA T AR Sy
& G AT AN 7 AR T L 5 LA Bk TR A B AR DT 2 — 2B 5 T T 0 G B
AR

R o 214 4 A DG BF 2 d5i 2 08 5 A 88 3 A v B2 AR Mt b T SRV e 25 44
F14) R IR ] S0 P 5 A0 S0 0 2R A7 & T TR DAy o 0 3 R0 T Ak 256 offe 540 o ) 36 [
FOTA Ry 3 e = % KB S R AR A P O RO R OCTE . B Ah, R
Tl [ 5% 010 DK 3 5 A R T i PR T e v A R N 2 R A N o8 D ) e S ] i
XA [ AN T B T B B I ) A 2 A R ] 25 e 0 AN [R) S AHL G — R A ]
2 ARG

@® Kim and Lee, “Al-Augmented Surveys,” arXiv: 2305.09620v3.

® Bisbee et al. , “Synthetic Replacements for Human Survey Data?” pp. 401-416.

® Arnault Pachot and Thierry Petit, “Can Large Language Models Accurately
Predict Public Ppinion? A Review,” HAL, 2024, hal-04688498, https://hal. science/
hal-04688498v1. Jf A i ] : 2024 4F 12 A 15 A,
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=. WHHKESEREVIRKE B4 LWIRTT

AW FE & EVEAS R 5 A6 8 7R A 0L A AR R B T TRy R B, M
PR CLE A 5 — 200 B R B0 AY B 5t) T8 Y Ak 2 B2 BT 58 T N SR TR 0 R
LOBEATRE TR AR R WA AR R R, RS BRSO L A &
X i e AN A R B AT AR S MATIT T i A AR I S A AR B I R SC i
FIME B AR YL . AR BGA 5 07 15 AT & 20T IR R R ORIE 5 B R A
A A R A 2 B PR BT AR A A A A 8 T L (E T SRR
R b FABRE R ) LE Ak = 1 i . AR SORFIX — FORAE o 35 TR
FOAME A SR 5 A8 58 7 vk (A OLS WA 3B AL &2 ) T HO 3T R S8 HLHL .

(—) HEEHIE

AT LA AP R R RE B B A (CFPS) 2 fE B0 . CFPS I # i db st K
PSS DA H A A AR R A A S A LD 7R 2010
AR HEEZ P A sV R) T 14960 FPAKBERY 33600 44 BUAE N FEA L 35 25 4
Ao T UR AR R AR — U 8 B AR X, R 2 B R A0 S BE RO KL SR
£, AR SO L E SR B E 2018 4E T 2020 4F WU AF , ©

M T A B CFPS 82 75 ARR L0 15 32 1 #7 % 5 24k 45 ) J A
INHAE AR DA S A AT b BORE B 5L L B A A LN Cln 9 A0 35K [ A 1)
A PEHAR 3k 2 RS A © U N K BRAF AT AT Y B2 B i, o
SHTRIFFE RIS T Hh 56 57 ) JEE 4 45 i R I o = AP A 5 i e ] B Ak v 56 [ A A

@® Yu Xie and Jingwei Hu, “An Introduction to The China Family Panel Studies
(CFPS) ,” Chinese Sociological Review, Vol. 47, No. 1, 2014, pp. 3-29.

@  CFPS 4 3R A7y 3 A 7 R 46 D i A TR G B 2, DR dp 17 v i 28 %, ik
R R 2 A B AT L 28 R TR 84 106, AR AR IR UG U7 U R CHERR & B 43 51 2 < 2012 4F
80. 6% .2014 4 83. 85,2018 4 80. 84,2020 4F- 77. 0% . 2020 4FE U B A T M. £
IR 58 e 1 T BOBCR W AR e o LI R D R . & TR IE RO B RIS . B % Yu
Xie et al. , “Declining Chinese attitudes toward the United States amid COVID-19,”
Proceedings of the National Academy of Sciences of the United States of America ,
Vol. 121, No. 21, 2024, 2322920121, DOI: 10.1073/pnas. 2322920121.
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T BE (A8 Ak, DL K S8 Wk ey m] AR T R 5 BURF R B I E AT . @

Z T LA B CFPS Bl . 2l CFPS U &5 My by K6 36 K 18 25 46 280 78 b
FR UL o B e 2 ) e AR RE B AL TR AR LR, — O AR o A
PR TGE BRI A, CFPS RGURAE T MR Z A 0 2 48 5 B 46 A
124 R AR X AH G A 2 1] 578 8% 0 LA B 7 o ] 240 5 B O A5 A8 0 31) e 2 75
GBI L E 0 B SUE R 53—, A R i g A T
A FH A PR 2 28 8 A7 403 v ol R ] i A X Tn] 80 0 [l 225 Sh i B 4 ¢ 224 i %) sk 2k
Bt . AN AR Kb 2020 AR 5 UG AT RE T R B AE R, 7T LLS % ]
ZYTEAE 2018 AF Y AH O 15, AT 4 FH478 Rb 00 0 1 5 R 3 B

I AN CEPS Hh e F {5 AT (] A 4L 7 5 11 Br 25 2 L B W B0YR B 46 i 55
PR AR R = FPE AL XS 52 A B T 2 A A3 BE A6 30 K08 5 B AL X 4 23 1 45
(038 1V E 77 . SCARER 5 56 1 5 22 M 56 A =3 ) 8, B XoF 58 [N A b IR B
PR BEAE R AR L . AR F .

0 S REIEF R 10 SR EIE T, FET A TFTXILEANE
EREITS

(D) sFEBEAGZEEAE

(2) SPAMBEITE RO EECAREAE R "KL E/ERF /KK
FEE T

(3) X EAMIZIEE

X EREE R TEREA PRI & B AR 22 5Pk . 7E 2020 4F CFPS
Hdi (N =28530) 1, 52 75 # %k 36 BN AR s BUR B B L BE A A5 AT b v 22 45
Bk 2.41.2.55 F1 2. 25,9 BbAb . ik =2 ) B0 AG # k45 R0 DA OB A L Y
W R SRA 85 22 0 X 36 B N FLBUR B 5% 145 A A T] A, e 2 L 491 53 301 Ay

@ Xie et al. » “Declining Chinese attitudes toward the United States amid COVID-
19,” €2322920121.

@ Sigin Kang and Jiangnan Zhu, “Do People Trust The Government More?
Unpacking The Distinct Impacts of Anticorruption Policies on Political Trust,” Political
Research Quarterly, Vol. 74, No. 2, 2021, pp. 434-449.

® HEATZUEXNEEN EE HTTE AR AR KA A AME AR (0~ 10
Sk M 55 2. 01,7, 23,5, 85.9. 33.6. 68 1 2. 39,
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14.56 %0 H1 13,59 %0 . 7% B 2 3% 26 (54T ] X B IR 5 AL I8 B8 19 U L [
B R (A1 Qwen-plus) 55 [ SME R 4 4 b 3 BLRE A 280 b 46 718 A [ 45
e A B ELAT A 80P Bl SC A AR P R) BT L 4 BB g 22 S DT DA B AR ORI AR
TUAETH 58 SUR AT 55 rb B PR 3R 13 B 47 A SRR 5

(=) TFEFR

2T CFPS %48 il /& 2020 48 10 18 4 Bl JRATEIL 1 A [a] i Hals ok
SR R N Sy 3 = H v AT S AR AT [RS8 20 191 25 AR e T R i 5 R AR
G A 532 X 48 3 P40 5 2 A Al A A b o 3 o 6 E A b 4 A S B K
Z Y 22 RV A AN ) 7 2 B0 R B, PP AL F06F G Y A A R A AR A T
X 327 A VAR 2 THT (] 25 4 D B 1 Al A X AR A 2R T A 2 A R AR B %) T g
3 VAR A I X5 A 32 R0 Al 7 e 22 (1) 56 2R A T4 4R o v L

T VIR R R P A A R R A K SR i G B AR [ 24 T T A P
P RS R A R 4 Bs O 2 07 MR Bk 22 (Root Mean Squared Error,

-~ 2
RMSE) . i155 5 5 RMSE—= /ZWT@” EV M () 5 B () 2 2%

(18375 14 37 21 5P T 5 i R 1 2 50%E A7 1 A M A B . RMISE
BIOAE /N 22 7% T 42 3T 0 S A L BT L5 AR B

FLUR BT 307 AR 22 35X — BUME 46 A BF 5% 3 308 DG 1 4 /MO 2 75 g 1
A RR B REAS (1 43 A R AE o T8 A R A MM 1 43 A DR L S (E Y 43 A
HEATXE B, ASAURT A W7 465 ¢ S 15 o B Al 4 T B SR Y Y (E CRI i 3O
FEOCHE Y2 L AT DA BE— 5 VP Al FLAE 23 A B 2 78 S PR 55 O T2 5 5 D S AU
PR — 3, BRI AY 43 A5 A0 L PE (distributional similarity) . 40 5 4 M E A9
GIATE SR AN A L SIS AR b A, T R WA AR O s AE A R
it 43 Ay SOBEALL I 2 B 5 T8 A AE R G i 25 E LA TR AR Y FLSE 2
IXRRXT A3 A0 T2 0 H B ATV S 3 5 IR R 22 R AR 0 A 1A T A B T A I

@ Maria Thurow et al. , “Goodness (of Fit) of Imputation Accuracy: The GoodImpact
Analysis,” arXiv Preprint, 2021, https://arxiv. org/abs/2101. 07532, ¥J ] i} [6] ; 2024 4F
11 A 5 H; Bisbee et al. , “Synthetic Replacements for Human Survey Data?” pp. 401-416.
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Mo PPAE AR AN AE R G BEIE S IR K .

T Ji o A2 (] (0 A 5GP 235 0 O 4 AR B Y O — QBRI . T
HINECHE T8 R T 5 S B 8 T R R DAL R A W S TR I8 0 BT e B B A7 R 1
JRT RE DR B DR B v AR 2 (DA B OGHR. Bldn, BT HE B H AR AR R Y
A AMEL () 5 FA TE 5 4 A ik (=) 2Z2 18] A A O R AL cor (v o2 LS H A5 A8
T HYHH () 5 XS AR 2 [ A A 58 R cor (y o2 ) o DAPRAl A £ 45 2R X AH 5
SRR BRI o A5 PR 22 SRR B T () A, 6 T4 A A FE THE ) S e e
A B 8 S ] ¢ P CIBBEG IR €1 o i T i) = A RO T

(=) RBEERE

XF KBS AR PE, AR SCHE E OpenAl 24 F ) GPT £ 21455 A 1 fnf
HEEM QwenGE X T RANE A, FEAH 5T F 2 HF AN (2024 4
9—12 H),GPT-4 275 24 it I3 P fe & O i A58 70 ik 6 2 — O, 78 Z R AT 55
BRI T R EFEA (zero-shot) A (few-shot) 2% 2] BB J7 , J& [ 4b
BRI . © Qwen F 31 32 H5 b 06 XUE (19 B AL, R 42 46 T R MR A L AT 4]
VRRRAS , o 56 22 Fh S JOR BRI R 454 . © T 2.5 ROAS 7 I ko B fili L T
Fik 18 TTAL (18T A~ tokens [ EKE, 7E 2 BN R B FH ML H.C
i B 5 AW AT KR R A S K LD AT Qwen SKRAE R 5 E PR K
RERUAH A A A BRI 1 4R 3R

@ Shervin Minaee et al. , “Large Language Models: A Survey,” arXiv Preprint,
2024, https://arxiv. org/abs/2402. 06196, iJi[a] i [6] : 2024 4F 12 A 30 H ;Josh Achiam et
al. » “GPT-4 Technical Report,” arXiv Preprint, 2023, https://arxiv. org/abs/2303.
08774, Pilalit 8] . 2024 4F 12 A 30 H; Wayne Xin Zhao et al. , “A Survey of Large
Language Models,” arXiv Preprint, 2023, https://arxiv. org/abs/2303. 18223, ¥jj [A] i
[6] . 2024 4F 12 A 30 H,

@ Patrick Y. Wu et al., “Large Language Models Can Be Used to Estimate the
Latent Positions of Politicians,” arXiv Preprint, 2023, https://arxiv. org/abs/2303.
12057 , Y5 IR B [A] : 2024 4F 12 A 30 H; Caleb Ziems et al. , “Can Large Language Models
Transform Computational Social Science?” Com putational Linguistics, Vol. 50, No. 1,
2024, pp. 237-291.

® Qwen Team, “Qwen2 Technical Report,” arXiv Preprint, 2024, https://arxiv.
org/abs/2407. 10671, [a] B [E] ;2024 4 12 A 30 H,

@ Ibid.
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F 1 PRIV TREIRRA . OpenAl 24t T 24N RAA GPT-4 &
HI AL, 4335 GPT-40,GPT-40-mini, GPT-4 Turbo ., GPT-4 Lk} & Fh 2 B 245 iR
A, O S 5 AR T T B T “GPT-40-mini-2024-07- 18" B A (i #} “GPT-
do-mini) HEATILEE . QM T GPT FRFNEERL R AR, FA 13 AP I8 GPT-4o-
mini, 3R 7 2 LA b 8 B A B RUICBA , O R A IR, AEiE T
] 20, AT RE T “Qwen-plus-2024-12-207#5 50, O 3@ 17 API Vi),

F1 THEERTIER
FiEER b}

-3 e /N 3 [l 13 (OLS)
Z Eifith (Amelia 1)
HE [ 43 f# (Matrix Factorization)
Tk G b B2 R T HLAE AL (LightGBM)

I . 1) Gt 45 2% 3% 7~ B (BERT) Chinese-RoBERTa(f#7#)
Qwen-plus(FFEA £ 2])
Qwen-plus (/NEEAR 22 2])
GPT-4o-mini(EFEAR22))
GPT-4o-mini(/NEEAR 22 3)

L. fegegeitrik

II. ¥Lass:>d

IV Az il 20 is = AR AL (LLMD

BORDRIR - AEE Al

T VA R R L A i O O M 55 TP i R B AR SO LA R S R
b T2 TR RE A AR Tk (RIS 1 RS 755 2RI LI D A7 H A

e GGt Irik b Or 2o 1) WATE A B KL EiGib, £ Efi4h
(Multiple Imputation, MD J&#E2xBE# 58 o e i F I A 5 1 22— AR S
HEATAE A R AR Amelia 11, Q18040 56 T4 5% 10 BE DL AR Bk

@ OpenAl, “Models,” OpenAl Platform Documentation, 2024, https://platform.
openai. com/docs/models, Vi [A]if 6] : 2024 4= 12 A 30 H,

@ OpenAl, “ GPT-40 Mini: Advancing Cost-Efficient Intelligence,” 2024,
https://openai. com/index/gpt-4o-mini-advancing-cost-efficient-intelligence/ , ¥ [a] i [f]
2024 4E 12 H 30 H,

® BTH = R 3 B R E) F, Bl = 5 J7 SCRY. 2024, https: //help. aliyun.
com/zh/model-studio/getting-started/models , 15 [A] i [6] : 2024 4F 12 A 30 H,

@ Honaker and King, “What To Do About Missing Values in Time-series Cross-

section Data,” pp. 561-581.
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BRI o R FH B2 e K AR (EMD 836 5 A B (bootstrapping) 45 4 19 77 20, il
o L 0 25 e A O ke 2 AE B 22 A W] BE Y RO A L K S RO AR AL R AR 1Y
LI LA B 75 A ) 48 A ML B 5T 35 1T 43 30l 43 A 2% S BB 4R R B 45 R %R
A ANEE AR 2 M L TEAS SCRY SCUE A T v, FRATT R BT — R R & R AR
W%« DA 2214 4D S 0 B v 5 T AL B — 3 43 WL A o 5 A — A 114 3 T A
A%, Ot Ah A8 g Xt e, FRATT N A T 3 T3 30 e /N 3 [l 15 COLS) 458 7
TR 07 55 PR D i o DA I 2 T A AR 4R T TR O vk TR R A
BLas 2 IR Oy 1 2800 1) 76 B0 AT 55 b o e B0 il 7 3 K vk
PR R E NI S I S S o vl o s I e
(Matrix Factorization) AR , 417} 5 {H 53 f# (Singular Value Decomposition)
FAE 7 %6 14 43 i (Non-negative Matrix Factorization) , RE 1 18 5 4 75 55 5018
PR O AR S50 . © R R 43 A D 1% S AL A A G A A O vk v i e R
FAE I 9F 5 v 30 Bl R DT A3 K o 5 TR A X 384 2 0 SR ME ST L O PR
FATLEXS LU STt AN T B G il 7 1k o LR 6 R 4 % 7 vk e B AR e vk
SRR TT AFTE Jm B 17 4% 8 40466 J32 32 TH DL Y (LightGBMD X F i 2 1 Y
R RE 6% OO 0 M A PR AR 2R M OC R IR TE 8 20 A b B AR vk I R AT T

O gz EmMdSER M AL, 5 S BIEE. R FLE DA b
SN RIELAG T AR A M A SEU T S AR R RS R - BRI Tk
CRIP“ T2 00007 X 30 28 285 JEIE AT AL A I 5 DA 1T B0 i 5 A0 11 s e iR . FEARWF SR
o FRATR AT — R A 09 8 A O 3 7R A I AR BRI T B AL A IR N /M AS SR
G N O JE IR REAS 1) o B 482 O — AT 1 58 B B a4, 7K G 229 4 — A B9l 4 a7 16 4
Bro BITIEIE— BB LR RGNS R SR R RS B L T R S i 5 45 1
b AR B T ML A 2 BLEL R KR R A4 4 kb A R AT B LA, R S P A R
LA — A T B R SR T AR 2 & e A . HLK AT 2 UL Honaker and King, “What To
Do About Missing Values in Time-series Cross-section Data,” p. 564,

@ Dimitris Bertsimas, Colin Pawlowski and Ying Daisy Zhuo, “From Predictive
Methods to Missing Data Imputation: An Optimization Approach,” Journal of Machine
Learning Research ,» Vol. 18, No. 196, 2018, pp. 1-39; Tlamelo Emmanuel et al. . “A
Survey on Missing Data in Machine Learning,” Journal of Big Data, Vol. 8, No. 1,
2021, pp. 1-37; Sengupta et al., “Sparse Data Reconstruction, Missing Value and
Multiple Imputation Through Matrix Factorization,” pp. 72-114.

® Sengupta et al. . “Sparse Data Reconstruction. Missing Value and Multiple
Imputation Through Matrix Factorization.” pp. 72-114.

@ Kim and Lee, “Al-Augmented Surveys,” arXiv: 2305. 09620v3.
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BN RE F R RIS Z AT RS ©

PR Sy DR 5 AR ) Bk 2R B4 D i AR BT b A M Uy i PR I AT
g R B AR 2R M TN R 455 B AR L8 VP Al AR et fE b A . X
TARAE AT R FRATT P IR R 16) 2 1 £ 2 78 B L (Bidirectional Encoder
Representations from Transformers., fif fk BERT) . @ 3% J& #  H fx 2 5 i
T B R il 5 AR 22— Jl o O R il 92 1 R GR 1 R T i
D . EARJE T X B RIEF R H BERT AN B A 4 b, mie
T 28 BRI AT 0 F R F RS . 340 BERT RANKAY AR MR |- 41 22 /)
TRIFEFHEA, BA FACSEBBA /N T3 R A il UORIE F B8 . BERT AH
XoF 58/ B8 2 BSOS A A A BT R v R A% B 47 b 4 412 f5k 2 (B AT 55 +h
MBS B, Bk, JATH0M T BERT &R FIKAL 1 Chinese- RoBERTa-
wwm-ext-large(LL F fij #R Chinese-RoBER Ta ) B #Y , F F X} kb KAE 5 AL A i3 &
B, AR P SCRR AR 2L I G , LA G b B P SRR AR 55 ©

A DL, SCAS I 5 T DLRT OB Y LE 85 1 A% G2 7 O vk T E S I O vk L A
B EATTRAR A H B IR R e R i (R b 7 3 R AT I 1 i
TH R BE Ty R HEAT XS . TR R Y B ol R R AR R AR R T v A R I
IR BE S XL AR AH B LB AT LA R B E M

() ##E# & 5R R EER

R FGE VT A S TR A5 A A Bl 2 B840 46 b 9 36 B, AS BIF 5 R AU S 1R
(simulation experiment) [ 1% 71 HE 42 , i 1o 45 45 Bl 2R ML L i A 45 49 5 B Al

@ — AV TE Y IR A T R B 7 i 4 ol 22 AR i B P T B T I M BB T R Y 1)
BLHA S RAESEAE . R FRATHE— 29I AT —Fh 8 gl > 7 k—— U5 (Stacking)
TR 3 Sk B 2 BE 4R T e A (GBDT) B B, 01 B 48 THf #bh i viEBA M. SR L TE S
L2 IR LB AR S LightGBM A7 A1 22 J6 L, BN 15 50 52 B0 RN 8 A5 41

@ Jacob Devlin et al. ,» “BERT: Pre-training of Deep Bidirectional Transformers for
Language Understanding,” arXiv Preprint, 2019, https://arxiv. org/abs/1810. 04805, 1Jj
[a] i IE] 2024 45 11 A 5 H,

® Yiming Cui et al. , “Pre-training with Whole Word Masking for Chinese BERT,”
IEEE /ACM Transactions on Audio, Speech s and Language Processing, Vol. 29, 2021,
pp. 3504-3514.
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D b g LA S R PP AG PR . HLRT F L IR ATT AT 2020 4FE CFPS
S B L L MCAR O MAR F1 MNAR = Fh A [6] (0 B8 i 2 WL %348
— 7 58 T LA g D4R L O R B DS (T T R AR A L DA AE AT
P A T X A5 24 AN R

FoAT I A5 1) O T 9 e BN 5 B CEIVRE A8 5 A BT BT IR N Y £ R 3R
B X AN SR s BT T R B . A IR T
H R R TR AR T R [ BT 8 4 kb 2 B, O 3 s e e 2R ML 1 A 2 A
R NS R € T U I R 303 A (T ¢ O NI 5 B o Sy 7 U 1 DO
HH,

(D) WARE

AWFSE B FE M Z 5 4 7E 2020 4E CFPS 8% Hhoxd 58 1A L BE 4= LA & 3
TBURE REAERR R RATEE A5 BB, Al KOs & S AL 7E R
() A A S AE T B4 # BE T 2 CAD AU T AR N 1T 55 127 78 5 (B) 7E e BE Ak
b I A Z VT AE 2018 A XA SC AL 43 1) B I K L F AR T 4. X
PR o0 X o A 4 T A B0 485 4 5 N B S 45 4 1 g AR 85

T BRI Y S, B AR OB R B4R BN Ry I TR R P T S0 A
S SR B B AAB GG T Oy 1 Y Il BT T T AL AR A 2 B R 1Y
2Rt B2, IRE Sy BERT A58 UG8 B BE A SC Bl A AR fE . IR, %0 B R R
(40 & AE T 7 vk A v 3 B R,

IR = AR A R

1. ANAGitSIE AR 5] RO 3T A 0 L P o 2 R
IR G0 BB KT FRERA RS G, ©

2. T EARYHE K AL S 18] B RN - W KA AT KT 8 4 23 R R IR R 45 X
07 BURF 2B TEA o DA O B 7 1] 80, 4 2 L s [ S50 Rt )y S50 OR T8 L A B 11

©  FAE CFPS 94 AR IRAF 6 2018 4F (% A28 1 5 2020 4E (¥ B #7428 L
e, A (7 B A BT AT 6 75 78 B BB SE B A IR R HEBR B R AR A . X T T AU A
A BELRL (i OLS . 22 FE 4 b VAL & 27 B 4 031 L RO W3l iy e AR5 00 L P 1 28 LA 5
R B 03 B e Dy — TR B s O K B e 4 32 30 AR IR Rl e ) B [ Bk 4 2 5 4R
BOAISED 3 ZRBEWCA CEUCA B NI R JT R 3022 e L sk 2 A 285 52 ) 5 48 473 DU A A 26
TR B b B TR B BRAR R T R — SOtk AR e A
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Bk, IrAEAERIR A 2018 4F CFPS 4,

3. WEMEETE AN ATE 2018 4FxF 38 H A B A Ll 7 BUMN B 5L
(ERER Y

X T SR B A A (40 BERT .GPT il Qwen #558) , A1 45 45 44
PR B e A Ry v SCSCARR A, LR TR B i A A B . R 2 R RIS RIS
BEAL B —A~ ok B T B B A48 18 7R 4]

F2 KIEFREETHERTRA

& % 2 7 17 (System Prompt) :

A NBIFAE AR5 B AN DGt 220 A0E A a8 A S e A i A 24 W
KR, UTE—ADTEAELE 2018 F M HEL , A5 AN G824 (5 B (48 % #1
S DA B Ho R (R R & s 38 A T IX 205 B HEMNZ AR AE 2020 4E M5 RTS8 .

SV A A0 38 =4k BE 6k 26 B/ A5 4 Ctrust_usa) % B2 A2 B9 15 4F (trust_doctor) LA
Kot b BB R B A5 AT (trust_govern) . BEANEATE LB 0 B 10, Hidp 0 F#oR
“SEEREIL” .10 FR“EEFL.

1 IR DL N #% 20 01 42 trust_usa: O trust_govern: 0 trust_doctor: 0

W R R AOTE  R M EAME B

F PR 718 (User Prompt) :
AT R—A P EAER ARG S
ZAR R (230 8 {2t (DU% ) B2 R ) WA Rl P . BT AR R R
P X Ol g (ol A= 7= B ) IR H 2 i AR5 B ) . 2018 4R, R BE B A {1 71
JG s A R {3000 T8}, e 2 R O (R R Bl )
1€ 2018 4F , fih Xt BB TAE MM R (FE — @ B LA E R ) . il 174 7 b [
fit) — 2 i) J50 ™ B R (0 R R )N 8, 10 RondEH M8 . b XF B 7 [ 1Y 3143 Ry
{6} 3 X 4k 2 AL 165 ) S804 B 3 A7 {5 ) 5 Ko BT J85 DL 1) 88 9 F 43 R (7 )
2018 4F, b 395 B ARIMEAT PE 4 R (1), X3 7 BB R AL 8 {(7) . X EA R
G R {6},
IEHRE UL L5 B LS5 A M At &35 L B A AE 2020 4E B M5 AT E 4, I 1 BB AR E A%
K&,

FEROREAEE AW .
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(2) Bl &

FATEE # A~ CFPS 7 2020 45 (1 I 2 43 1 =36 43 - 60 Yo AE MU 254, 20 %
VER B IESE .20 o /E M4 . YIZR4E FH FHIE OLS BEAL Y ZRAL A5 2% > B
RIS BERT #EAT60H . 756 Amelia [T 2172 TR AN, Y1 25 42 5900
AR A IR — DB AT A3, FE A S8 e b, FRAT AU R4 o
BEHLZE L 10 4> D HE A 24 3] (few-shot) /8 ], I 7E 1% B & AR — 3. B3
AU T HLER 2 2 B BERT A9#8 2 50R 8

FATSH WA SCHR L BT = i 308 % B 40 e 26 BL 3 31 T A N Y S
“HETR T A LA IE R AR O T T A A R R A0 4 AN RE L LR BT L
3.0 BT ARMIAL S = A FREANAAE T2 B A28 = AR R A B HL T
WG — Vg — A FE R 0 I 4 L B 3 = A4S 728 8 SR R T £ — 2 Bk 2 A
RUEATHERE " T A R AL 7E IL IRl B IR RIS AN, #e s 2 AR E M A
A gk 43 ) A B B L TR AE 22 8 A A B T = A B bR R S — 3L
(1 il 2 A B, DA BT 2R 4 DT A SR B R R SR B, R X — SR Y R
HFET . 76 CFPS 2020 4F B ] 2 54l (N = 28530) H1, = T {5 4T A8 &2 1 it 2%
A 14, 97 Y0 M2 U7 2 /D B R v — 30T, T ] I s 2R =AY L 5 R
13.07%.

®3 FRBREVE THHE RS &I

iR B KA H ik HiEHE"HFR
SEAREALE A Bk 5E 4 B L. BEALASE 5 BOUE 4 b e 20 %6 B AR 1R S i
(MCAR) H5EMARIE E. B2 UrE g A

i H DL BB AR B b i N H A A 32 A
HRE R, AT = AME AL P50 16 2020 4R 5 B2k

FRIPRIOLER Bk e kA FOABE S . AR AR B A T Y Bk O AR R o R R

(MAR) Af I A . v ,
T FC R 1 20 % A PRAE A SE . bk A 12
TEAT#D B B 1 AT 3R 3,
@ Sengupta et al., “Sparse Data Reconstruction, Missing Value and Multiple

Imputation Through Matrix Factorization,” pp. 72-114; Kim and Lee, “ Al-Augmented
Surveys,” arXiv: 2305.09620v3.
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IR EILE it HEEEAN
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@ B0 Bisbee et al. , “Synthetic Replacements for Human Survey Data?” pp. 401-416.
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