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@ 2 W Joshua M. Epstein, Generative Social Science: Studies in Agent-Based
Com putational Modeling , Princeton, NJ:. Princeton University Press, 2007; John H.
Miller and Scott E. Page, Complex Adaptive Systems: An Introduction to Com putational
Models of Social Life, Princeton: Princeton University Press. 2007,
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@ 2 W Thomas C. Schelling, “Dynamic Models of Segregation,” Journal of
Mathematical Sociology, Vol. 1, No. 2, 1971, 143-186; Thomas C. Schelling,
Micromotives and Macrobehavior, New York: Norton, 1978, chap. 4,

@ B CHkZ W Michael W. Macy and Robert Willer, “From Factors to Actors:
Computational Sociology and Agent-Based Modeling,” Annual Review of Sociology s
Vol. 28, 2002, pp. 143-166.,

@ WIS I Scott de Marchi and Scott E. Page. “Agent-Based Models,” Annual
Review of Political Science, Vol. 17, 2014, pp. 1-20,
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Paradigm , London: Routledge, 2020,



AL P22 SR A gL R AR 1S

PR CERIEE AT g LU B Bl 2 T T A 3 S AR R T AL o ) AR R LA
Bl fe oM Ak BB A e it B B e A REI A RRE . k. 5
T AL T BT SR AR R Y e e 7 i) 2 — T ABM U BAT LT TR £
BAPlaF I Re ). BMORUL, ILER A T x THiiiEd ABM R G 17 MK
FRAE IRBE L AT N B 30 R O 534, R ABM AT O 1K
ARE AT L A IR AL B LAY 7 > R 2 TR B o ) BOR B B0k, ABM
TR AT A B AR AR FAT S R0 € T DL FRe Al . TR IE 2 A (Deepmind) &
JE (¥ 5 T 508 Al 27 T 11 2 BRI X A R IR — Fh sl 5% @

Aid AR LR 2 2T A ABM 25 45k o i AR B AT CREU H2AR
SIBLEEAR WL 1D © R SR IR U 88 R S R T 2 A R OF T
R ECIAE AR A IR R B 2K e A 2 W AT DA X R R S T REA =
JRU BE R =k .

B2 U EERFIHHLE 2 A B ABM RS 847 M R
AW HEFT S ML . HATE 2Kk RIS CR EEE P EX — R
UK, AEL i AR IO T i ke LS B o ) TR

ARV LU — AN Z YO SRR JE T HLAS o o ik ABM AT ol ik
REAEFNAT Sy AR T LA e ) B R AL . TR B T B R R A A
Efi0)

ARG — I AR B EEA L ik ABM X BR 5 A %) i AT
REWS 1 F~r o | [ F AL , BE T IR BE A B2 B3k ABM BE 6 55 47 b 4iff 42 EC

@ 2 W Sander van der Hoog., “Surrogate Modelling in (and of) Agent-Based
Models: A Prospectus,” Computational Economics. Vol. 53, No. 3, 2019, pp. 1245-
1263; Francesco Lamperti et al., “ Agent-Based Model Calibration Using Machine
Learning Surrogates,” Journal of Economic Dynamics and Control , Vol. 90, 2018, pp. 366-
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® 2 W Max Jaderberg et al. » “Human-Level Performance in 3D Multiplayer
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2019, pp. 859-865.
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papers/agent2006rand. pdf, PR H}[E] 2022 4 1 A 10 H.,
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@® 2 W Henry E. Brady, “The Challenge of Big Data and Data Science,” Annual
Review of Political Science, Vol. 22, 2019, pp. 297-323; Achim Edelmann et al. ,
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